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Abstract 
The expected rate of growth in future earnings plays an important role in investment 

analysis. We examine two questions concerning analysts’ long-term earnings growth 

(LTG) forecasts. First, why do some analysts issue LTG forecasts while others do 

not? Second, is a trading strategy following the recommendations of analysts that 

issue LTG forecasts more profitable than following analysts that do not issue LTG 

forecasts?  For the first question, we predict that analysts issue LTG forecasts to 

signal their superior quality (forecasting ability, experience, private information) and 

to establish and maintain other business relationships (e.g. underwriting) with firms. 

Consistent with our predictions we find that analysts that issue LTG forecasts have 

better forecasting ability, more experience and more access to private information. 

Prior to Regulation FD, we find that analysts were more likely to issue LTG forecasts 

if their brokerage also provides underwriting services. After Regulation FD, this 

relationship is no longer significant. For the second question we show that the average 

factor-adjusted return associated with the stock recommendations of analysts issuing 

LTG forecasts exceeds the corresponding return for analysts not issuing LTG 

forecasts by 7.2% per year. 
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1. Introduction 

The objective of this study is to determine what influences a financial analyst’s decision to 

issue a long-term earnings growth (henceforth, LTG) forecast for a firm he/she covers. And 

more importantly, if a trading strategy following the recommendations of analysts that issue 

LTG forecasts is more profitable than following analysts that do not issue LTG forecasts. 

Prior research suggests that analysts’ LTG forecasts are more important than their short-term 

earnings forecasts for the prediction of stock prices (Bradshaw 2004; Bradshaw 2002; Curtis 

and Simon 2009). 
1
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between 1994 and 2005 indicates that only 57% of the 13,385 analysts listed on I/B/E/S 

provided at least one LTG forecast, and that only 12% of the total 1,950,812 earnings 

forecasts over this period are LTG forecasts.
2
 

 This study offers two explanations as to why some analysts choose to issue LTG 

forecasts and others do not. First, analysts issue LTG forecasts to signal to the market that 

they have more expertise. Due to the greater uncertainty analysts face when issuing LTG 

forecasts (Chan, Karceski and Lakonishok 2003; Dechow, Hutton and Sloan 2000; Frankel 

and Lee 1998) we expect only analysts that have better forecasting ability, more experience 

and access to private information will issue LTG forecasts. Under this explanation, LTG 

forecasts could be used as a signal of analyst quality. Second, analysts issue LTG forecasts to 

establish and maintain other business relationships with firms. As analysts are not generally 

evaluated on the accuracy of their LTG forecasts (Dechow et al., 2000), there is an incentive 

for analysts to use LTG forecasts to provide a positive outlook for the firm in the hope of 

securing other business (e.g. underwriting). Under this explanation, LTG forecasts could 

                                                
1
Expected earnings growth is widely used for valuation based on the Gordon Growth Model. Beaver and Morse 

(1978) suggest that growth jointly determines P/E ratios with risk and transitory earnings.  Penman (1996) 

shows that the P/E ratio indicates future earnings growth. Ohlson and Juettner-Nauroth (2005) derive a 

theoretical model that takes into account two growth measures of earnings - short-term growth in earnings and 

long-term earnings growth - to explain the forward P/E ratio. 
2
 Asquity, Mikhail and Au (2005) find that only 35.8% of the 1,126 analyst reports examined contain earnings 

growth information.  
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indicate a conflict of interest. Consistent with the first explanation we find that analysts that 

issue LTG forecasts have more accurate forecasts, have more experience and have access to 

more private information than other analysts. Prior to Regulation FD, we find that analysts 

were more likely to issue LTG forecasts if their brokerage also provides underwriting 

services. After Regulation FD, this relationship is no longer significant. These results are 

robust to controlling for other analyst (resources, workload) and firm (size, volatility, 

growth, intangibles) factors that could effect an analyst’s decision to issue a LTG forecast.  

We then examine whether analysts that issue LTG forecasts make better stock 

recommendations i.e. does investing in their recommendations generate a better return than 

the recommendations of analysts that don't issue LTG forecasts. We form value-weighted 

portfolios and determine the monthly abnormal return using the four-factor model. We find 

that the recommendations of analysts that issue LTG forecasts generates abnormal returns 

7.2% per annum higher than the recommendations of analysts that do not issue LTG 

forecasts.  Hence, imperfectly efficient capital markets reward analysts for their costly 

activities in understanding the long-term growth prospects of firms’ earnings. 

This paper makes several contributions to the literature. First, it shows that the 

issuance of a LTG forecast can be used as a signal of analyst quality. Second, it demonstrates 

that differences exist in analysts’ research output, with not all analysts being able to issue 

more complex or uncertain LTG forecasts. Third, we present a trading strategy that beats the 

market over our sample period. This is important to investors as the best equity analysis 

looks at the long-term health of companies rather than merely suggesting shorter term 

earnings expectations. Fourth, this research provides evidence to suggest that Regulation FD 

has been effective in alleviating analysts’ incentives (or conflicts of interest). In particular, 

the issuance of LTG forecasts to establish and maintain other business relationships with 

firms seems to have lost its appeal in the post Regulation FD period. 

#

2. Prior Literature  

2.1 Long-term earnings growth forecast optimism and mispricing 

Two main findings emerge from prior research on analysts’ LTG forecasts. First, analysts’ 

LTG forecasts are on average optimistically biased, with forecasted earnings growth 

exceeding actual earnings growth by a large percentage. Second, there is substantial 

mispricing in the stock market as a result of irrational LTG forecasts being incorporated into 

the market expectations of earnings growth. Evidence that analysts’ LTG forecasts are 
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optimistically biased dates back to the findings of Dechow and Sloan (1997) and Rajan and 

Serveas (1997). They find LTG forecasts are not only upwardly biased, like STE forecasts, 

but they also appear to be “extreme”. That is, the higher an LTG forecast is, the more 

upward biased it tends to be.  

 Two studies have directly examined the ex-ante accuracy of analysts’ LTG forecasts. 

The first study is by Harris (1999), who finds that the accuracy of median analysts’ 

consensus LTG forecasts is extremely low, with a naïve model in which earnings follow a 

martingale outperforming them. In particular, the majority of LTG forecasts are 

optimistically biased by 7% compared to actual earnings growth, and forecast errors are 

correlated with the forecasts themselves. Analyzing the source of analysts’ forecast errors by 

decomposing the mean forecast error in systematic (i.e. bias and inefficiency) and random 

components, Harris (1999) finds that the sources of the mean-squared error are (i) 7.5% bias, 

(ii) 4.1% inefficiency, and (iii) 88.4% random. When the mean-squared error is decomposed 

into the (i) error in forecasting average LTG in the economy, (ii) the deviation of average 

LTG in the industry from average LTG in the economy, and (iii) the deviation of LTG for 

individual firms from the average industry LTG, an interesting result emerges. 55% of the 

LTG forecast error derives from analysts not being able to forecast deviations of individual 

firm LTG from industry LTG. Moreover, Harris finds that the proportion of LTG forecast 

error at the firm level is increasing over time, compared to decreasing forecast errors at the 

industry level. However, Harris does not analyze the sources of the firm-level LTG forecast 

error. He suggests that the LTG forecast error could be related to forecasting method changes 

by analysts, or changes in accounting standards. Interestingly, the influence of analyst’s 

ability and incentives (the contribution of this paper) is not addressed. 

 The second study which argues that analysts’ consensus LTG forecasts do a poor job 

of predicting realized earnings growth rates is by Chan et al. (2003). The study offers some 

interesting evidence on the usefulness of analysts’ LTG forecasts. They show that high 

earnings growth cannot be persistently achieved by firms and thus a prediction of earnings 

growth is a game of chance. However, Chan et al. (2003) show that analysts forecast a 

16.4% higher LTG rate for firms in the top LTG quintile compared with firms in the bottom 

LTG quintile, even though the realized five-year growth rate has only a dispersion of 7.5%. 

They argue that the large dispersion in LTG suggests that while analysts believe LTG is 

predictable, they face significant uncertainty when estimating it. 



6 

 If the weight placed on these forecasts overreaches the ability of analysts to predict 

LTG performance, the forecasts should be contrary indicators of future stock performance. 

Indeed, research shows that subsequent stock returns are negatively related to beginning-of-

period LTG forecasts (Dechow et al. 2000; Dechow and Sloan 1997; La Porta 1996; 

Lakonishok et al. 1994). La Porta (1996) shows that analysts’ systematic misestimation of 

future LTG explains returns to contrarian strategies (i.e. stocks with low (high) analysts’ 

expectations of future LTG subsequently outperform (underperform) the market). 

Intriguingly, Frankel and Lee (1998)  show that investors do not seem to fully unravel the 

optimistic bias in LTG forecasts, although correcting for expected forecast bias can improve 

the accuracy of firm estimates and subsequent investment returns. However, if it is so easy to 

correct for the optimistic bias in LTG forecasts, why do analysts introduce it in the first 

place? 

 

2.2 Long-term earnings growth optimism and analyst characteristics  

 Prior research attributes the optimistic bias in LTG forecasts to analysts’ incentives 

provided by underwriting activities. Lin and McNichols (1998) and Dechow et al. (2000) 

show that analysts who are employed by the lead manager during an equity offering (sample 

period mid 80s to mid 90s) issue more optimistic LTG forecasts to attract and retain 

investment business. Lin and McNichols (1998) and Dechow et al. (2000) argue that 

analysts’ LTG forecasts are optimistically biased because the market places less emphasis on 

the accuracy of these forecasts, and LTG forecasts are more relevant for security valuation 

than STE forecasts.  

 In a recent paper, Ljungqvist, Marston and Wilhelm (2006) examine U.S. debt and 

equity issues over the period 1993 – 2002.  Ljungqvist et al. (2006) find no evidence that 

aggressive analyst behavior helped banks to attract investment banking business (i.e. 

demonstrate causality). Aggressive analyst behavior is measured as a bank’s stock 

recommendation level relative to the consensus stock recommendation level of other banks, 

and as a bank’s stock recommendation change less the change in consensus stock 

recommendation of other banks. Cowen, Groysberg and Healy (2006) corroborate this 

finding by showing that investment firms that fund research through underwriting business 

actually issued less optimistic LTG forecasts. The authors collected 25,642 LTG forecasts 

between January 1996 and December 2002. They find that full-service investment banks, i.e. 

banks that provide underwriting and brokerage services (22,994 LTG forecasts), make on 
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average LTG forecasts that are 1.5% lower than LTG forecasts made by analysts at non-full 

service banks, i.e. syndicate firms, brokerage firms and pure research firms.
3
  

 Based on this finding, Ljungqvist et al. (2006) suggest that analyst optimism is not 

only influenced by conflict of interests through underwriting ties, but rather by the trade-off 

between career concerns (cost of jeopardizing reputation) and the incentives to generate 

trade. More reputable analysts (i.e. All-Star ranking) and more prestigious banks (i.e. 

underwriting market share) have less upwardly biased forecasts. But the authors argue also 

that analyst forecasts appear to be more upwardly biased when the potential benefits are 

large and the potential cost to reputation is small. Assuming that LTG is harder to evaluate 

than STE (cost to reputation is small) but that LTG plays a significant role in stock valuation 

(potential benefits are large) analysts have incentives to follow their individual forecast 

agendas and may bias LTG forecasts upward when fee income is at stake. Thus, LTG 

upward bias is likely to differ among analysts, even within the same firm, and could be 

chosen optimally (i.e. endogenously) to inflate analyst stock valuations and generate trade. 

 

2.3 Individual analysts’ long-term earnings growth forecasts 

 Limited understanding exists on the existence of analysts’ individual LTG forecasts. 

An exception is Bradshaw (2002) who calculates “pseudo target prices” using the PEG 

heuristic (i.e. multiplying the analyst’s expected LTG rate by one-year [two-year] ahead 

annual analyst earnings forecasts) and correlates them with actual target prices obtained from 

analyst reports. He documents a correlation coefficient of 0.5 between actual target prices 

and “pseudo target prices”. This suggests that on a individual analyst level, LTG forecasts 

may play an important role in analysts’ stock valuation and subsequent stock 

recommendation process. Also, Sommers (2002) finds that individual analyst LTG forecasts 

have information content, as evidenced by a significant revision response coefficient for 

upward LTG forecast revisions. Sommers’ finding opens the door for our second research 

question as it suggests that investors could benefit from following analysts that issue LTG.
4
  

 

 

 

                                                
3
 Agrawal and Chen (2005) also find that mean LTG forecasts are slightly less optimistic for analysts employed 

by firms with significant investment banking business compared to analysts employed for firms with significant 

brokerage business.  
4
 In a recent paper Jung, Shane, and Yang (2009) confirm Sommers’ by showing that LTG forecast revisions 

are value relevant. 
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3. Data and Methodology 

3.1 Long-term earnings growth forecasts 

Initially all US firms with analyst forecasts (annual and LTG) are identified from the I/B/E/S 

Detail History Files (I/B/E/S) for the period of January 1994 through December 2005. 

Coverage of LTG data in I/B/E/S began in 1982. However, prior to the early 1990s, LTG 

forecast dates recorded by I/B/E/S differed from the actual forecast date (Cooper et al. 

2001). We therefore restrict the start of our sample to 1994. LTG in the I/B/E/S are received 

directly from contributing analysts, they are not calculated by I/B/E/S. While different 

analysts apply different methodologies, the LTG forecast generally represents an expected 

annual increase in operating earnings over a five-year period. To implement the trading 

strategy we require recommendation data also available on I/B/E/S and stock returns from 

CRSP. 

At the analyst level, a total of 13,385 analysts provided earnings forecasts to I/B/E/S 

during the sample period, of which 57 percent issued at least one LTG forecast. At the firm 

level, earnings forecasts were provided to I/B/E/S for 13,778 firms during the sample period. 

Of these, LTG forecasts were issued for 72% firms. Figure 1 depicts the percentage of firm-

analysts with LTG forecasts by year. The distribution of LTG forecasts across analysts is 

stable over the sample period. This is contrast to component forecasts whose availability in 

I/B/E/S increases over the years, e.g. cash flow cash flow forecasts (DeFond and Hung 

2003). Figure 2 presents the number and proportion of firms in each of the industry groups 

classified by Fama and French (1997) that have LTG forecasts. The proportions of 

companies that have LTG forecasts ranges from 57 percent in the non-metallic mines 

industry to 100 percent in the defence industry, with a mean of 80 percent.  

 

3.2 Empirical Model 

This study offers two explanations for why some analysts choose to issue LTG forecasts and 

others do not. First, analysts issue LTG forecasts to signal their higher quality. Second, 

analysts issue LTG forecasts to establish and maintain other business relationships with 

firms. To measure analyst quality we follow the work of Barron et al. (2002), (Clement 

1999; Mikhail et al. 1997) and use a measure of analyst ability (short term earnings 

forecasting accuracy), a measures of analyst experience and a measure of private 

information. We predict that analysts with higher ability, more experience and more private 

information are more likely to issue LTG forecasts to signal their higher quality. To measure 
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analysts’ incentives, we utilise the Carter-Manaster underwriter reputation index to identify 

if the brokerage the analyst is affiliated with also conducts other business with firms (e.g. 

underwriting). We predict that analysts are more likely to issue LTG forecasts if they are 

affiliated with a brokerage that has other business relationships with firms (see for example 

Lin and McNichols 1998). In addition to attracting investment banking business, analysts 

have incentives to generate trade for their brokerage house. Stocks with high earnings 

growth prospects are generally more recommended by analysts, as they create more trades 

among institutional investors (Jagadeesh et al. 2004). Therefore, we use the existence of a 

stock recommendation for the same firm-fiscal year as a proxy for analysts’ incentives.  

 As the decision to issue LTG forecasts could be related to other analyst and firm-

level variables, we also include a number of control variables. Following Clement (1999) we 

control for the number of companies that an analyst follows and the complexity of each 

analyst’s portfolio. Analysts that follow more companies and forecast across more industries 

are expected to have less time to devote to LTG forecasts. As in Michaely and Womack 

(1999) we control for brokerage firm size, which controls for the resources available to 

analysts. Analysts that have more resources are expected to issue more LTG forecasts. At the 

firm level, previous research suggests that demand for analyst research increases with firm 

size, growth opportunities and intangible assets (Lang and Lundholm 1996). However, 

analysts find it difficult to forecast firms with higher earnings volatility. We therefore predict 

that the issuance of LTG forecasts is positively related to firm size, growth and intangibles 

and negatively related to earnings volatility. 

The full model and variable definitions are provided below. We use a logistic 

regression to relate the likelihood of a LTG forecast being issued by analyst I, for firm j in 

year t. 

!  

Prob[LTGi, j ,t =1] = logit(" 0

+ #i, j ,t,rQuality(#1ABILITY+ #2
r=1

n

$ EXP+ #3PRIVATE

+ %i, j ,t,r Incentives(%1AFFIL +%2AFFILpre+
r=1

n

$ %3AFFILpost+%4REC

+ &i, j ,t,rControls(&1NCOS+ &2NSICS+
r=1

n

$ &3BSIZE+ &4EVOL+ &4MV + &4M /B+ &4INTAN)

+Year+ Industry+ ' i, j ,t

 

where:  
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LTG is an indicator variable set to one if the analyst i issues a LTG forecasts for firm j in 

year t and zero otherwise.  

AnalystÕs quality measures: 

ABILITY measures analyst’s ability, proxied by analyst short-term earnings forecast 

accuracy, calculated as absolute one-year-ahead earnings forecast error:
 
 

!  

AFEijt = Actualjt " Forecastijt  where AFEijt  is analyst iÕs absolute forecast error for firm j in 

year t, Actualjt is the actual earnings per share for firm j in year t, and Forecast ijt is the most 

recent forecast issued by analyst i prior the 30
th

 June in year t. The measure is adjusted to for 

differences in information environments across firms following Clement (1999): MAFEijt= 

[ (AFEijt- Avg(AFEit))/Avg(AFEit]* -1 where Avg(AFEit) is the average absolute error of all 

analysts covering the firm.  

EXP measures analyst’s experience, calculated as the number of years for which analyst i 

supplied at least one forecast during year t.  

PRIVATE measures of the precision of idiosyncratic information, s, and measures the extent 

to which analysts rely on private or idiosyncratic information; calculated as follows 

 where SE is the squared error of the consensus mean forecast 

(EPSactual – EPSconsensus)
2 

, D is the dispersion among the forecasts (STDEV
2
 where STDEV is 

the standard deviation of  I/B/E/S estimates) and N is the number of analysts making 

forecasts. We use one-year-ahead earnings forecasts made on the day of the first annual 

earnings announcement on Compustat and maximum 29 days thereafter (Barron et al. 2002).  

AnalystÕs incentives measures: 

AFFIL measures analyst incentives, calculated as a dummy variable set to 1 if analyst i is 

affiliated with a brokerage that also conducts underwriting business (i.e. has a Carter-

Manaster underwriter reputation index greater than zero) and set to 0 if analyst i is affiliated 

with a brokerage that has no Carter-Manaster index.
 5 AFFIL_pre (AFFIL_post) controls for 

periods before (after) Regulation FD, and is a dummy cross-product of AFFIL*0 = 

AFFIl_pre and AFFIL*1 = AFFIL_post. 

REC_Freq is the number of recommendations an analyst issues each year for all the firms he 

or she covers. 

 

                                                
5
 We thank Jay Ritter for making the modified Carter-Manaster ranks available on his website 

http://bear.cba.ufl.edu/ritter/ipodata.htm. 
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Control variables: 

NCOS measures analyst workload, calculated as the number of firms for which analyst i 

supplied at least one forecast during year t.  

NSICS measures analyst portfolio complexity, calculated as the number of four-digit SIC 

industry groups for which analyst i supplied at least one forecast during year t.  

BSIZE measures analyst resources, calculated as the number of analysts that work for the 

brokerage house analyst i works for during the year t.  

EVOL is the natural logarithm of the earnings volatility of the firm measured as the 

coefficient of variation of the firm’s earnings/price ratio, which is calculated as [standard 

deviation of E/P / mean of E/P]. E/P is defined as earnings per share before extraordinary 

items scaled by beginning stock price. The coefficient of variation of the firm’s E/P ratio 

uses information prior to the year the LTG forecast is issued and is based on a minimum 

(maximum) of 5 (10) annual E/P observations.  

MV is the natural logarithm of the firm’s market value of equity prior to the year of the 

analyst’s LTG forecast (Compustat#25*24).  

M/B is the firm’s market-to-book ratio prior to the year of the analyst’s LTG forecast 

(Compustat#24*#25/#60).  

INTAN is the firm’s book value of balance sheet intangibles (including good-will), scaled by 

total assets, prior to the year of the analyst’s LTG forecast (Compustat #33/#6).  

Year is a time dummy variable that equals one if the year is 1995, and zero otherwise; one if 

the year is 1996 and zero otherwise; etc. Industry is an industry control variable (classified 

according to the scheme in Fama-French, 1997) 

 

4. Results 

4.1 Univariate Results 

Table 1 presents descriptive statistics for the analyst quality, analyst incentive and control 

variables partitioned on whether analysts issue LTG forecasts. The far right column shows 

the results of mean and median tests of the differences between the two groups. The results 

of the analyst quality and incentive variables are consistent with expectations. Analysts are 

more likely to issue LTG forecasts if they have greater forecasting ability, more experience, 

more access to private information and if the brokerage they are affiliated with also conducts 

underwriting business. The results for the control variables are generally as expected. 

Analysts that follow more companies and forecast across more industries issue fewer LTG 
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forecasts. Analysts who work at larger brokerages are more likely to issue LTG forecasts. 

Analysts are more likely to issue LTG forecasts for firms that are bigger and have more 

intangible assets. The results for earnings volatility and market-to-book (growth 

opportunities) are not significant across both tests. 
6
 Table 2 reports Pearson (above the 

diagonal) and Spearman (below the diagonal) correlation coefficients among all variables 

used in the analysis. Most variables have modest correlations with each other.  

 

4.2 Logistic analysis 

Table 3 reports the results of the logistic regression model measuring the likelihood of 

analyst LTG forecasts. Regression (1) presents the results across all industries. The 

coefficient for the analyst ability variable is positive and significant indicating that analysts 

that are more accurate at forecasting short-term earnings are also more likely to issue LTG 

forecasts. This is an important finding, as it suggests that analysts differ in their ability to 

provide research outputs. Chen et al. (2004) show that higher ability analysts – measures by 

earnings forecast accuracy and All-Star membership – only issue short-term earnings 

forecasts when their private signal exceeds a certain threshold. These analysts also choose 

higher thresholds which results in fewer but bolder forecasts. Since LTG are less frequently 

reported by analysts and the dispersion in LTG is larger than that of short-term earnings 

forecasts (Chan et al. 2003; Frankel and Lee 1998), these forecasts convey more about an 

analyst’s ability than evidence based solely on short-term earnings forecasts. Analyst 

experience is positively and significant indicating that analysts that have more forecasting 

experience are more likely to issue LTG forecasts. Our measure of private information is 

also positive and significant, which suggests that analysts who have more access to private 

information are more likely to issue LTG forecasts  

We than examine the relationship between analyst incentives and the issuance of 

LTG forecasts. The coefficient on AFFIL is positive and significant, indicating that analysts 

affiliated with a brokerage that also provides underwriting services to firms are more likely 

to issue LTG forecasts. This suggests that analysts in these brokerages have more of an 

incentive to produce LTG forecasts in order to establish and maintain other business 

relationships with firms.
7
 To see if this relationship is consistent before and after Regulation 

                                                
6
 Unreported Pearson (Spearman) correlation coefficients show that all variables have modest correlations with 

each other.  
7 This finding is qualified by the same endogeneity problem as prior studies (e.g. Dechow et al., 2000) as it 

does not explore causation between LTG forecasts and underwriting contracts. 
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FD, we split the AFFIL coefficient into AFFILpre and AFFILpost. If Regulation FD has had 

a material effect on the incentive structure and business relationships between analysts and 

firms then we expect the coefficient on AFFILpre to be positive and the coefficient on 

AFFILpost to be insignificant. Regression (2) displays these results. The coefficient on 

AFFILpre is significantly positive and the coefficient on AFFILpost is insignificant, 

suggesting that after the introduction of Regulation FD in 2002, analysts no longer have the 

same incentive to issue LTG forecasts. Rec, a measure of the relation between LTG issuance 

and recommendation providence by analysts, is significantly positive from zero. This result 

is consistent with Bradshaw (2004) who shows that analysts’ LTG forecasts explains 

analysts’ stock recommendations better than sophisticated residual income models.  The 

coefficients on the control variables are generally consistent with expectations. Negative 

relationships are found between the number of companies followed and analyst portfolio 

complexity and the issuance of LTG forecasts. Positive relationships are found between 

brokerage size, firm size and intangible assets and the issuance of LTG forecasts.  

 

4.3 Industry Effects 

  While the primary focus of this study is on the relationship between analyst 

characteristics and the issuance of LTG forecasts, we cannot ignore the influence of industry 

factors in the decision to issue LTG forecasts and stock recommendations. Busse and Tong 

(2008) report that the industry selection component of a typical actively managed mutual 

fund accounts for about half of that fund’s risk-adjusted return. Kacperczyk, Sialm and 

Zheng (2005) show that funds that concentrate holdings in fewer industries – the ones in 

which they have some informational advantages – tend to outperform the more diversified 

funds. Avramov and Wermers (2006) show that optimally-chosen portfolios based on 

predictable variation in mutual funds’ characteristics outperform their benchmarks, and one 

important source of this outperformance is the portfolios’ strategic allocation to specific 

industries over the business cycle. Therefore, we examine the prevalence of LTG forecasts 

across industries. We run the logit model for the industries that have the most LTG forecasts 

(i.e. Defence), the least LTG forecasts (i.e Precious Metals), and an industry with a high 

intangible asset base (i.e. Technology). Regression (3) reveals that for the defence industry 

ability is statistically insignificant and experience and access to private information are 

negatively related with LTG issuance. For the Precious Metals industry on the other hand 

results  in regression (4) show that for this industry an analyst’s ability and experience is 
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significant and positively related with the likelihood of issuing LTG forecasts. Also, the 

fewer industries, NSICS, the analyst covers the more likely he is to issue a LTG forecast. 

Interestingly for Technology industry (i.e. Telecommunications, Computers, and Electronic 

Equipment) ability is insignificant and experience is negatively related to LTG issuance. 

Conflict of interests, AFILLpre, and access to private information, however, are both 

positive and significant.  

 In summary, the results provide support for both explanations proposed in this study. 

The issuance of LTG forecasts does provide a signal of analyst quality as we find that 

analysts with greater forecasting ability, more experience and more access to private 

information issue more LTG forecasts. We also find that analysts affiliated with a brokerage 

that also conducts underwriting business are more likely to issue LTG forecasts. However, 

this result is only significant before the introduction of Regulation FD. 
8
 On an industry level 

the results are dependent on the percentage of companies with LTG forecasts, a proxy for 

uncertainty about LTG. 

 

5. Trading Strategy 

 In this section we seek to further corroborate our main findings by investigating 

whether or not the recommendations of analysts that issue LTG are more profitable.  Our 

primary focus is on analysts with accurate forecasts of earnings growth.  We base our 

analysis on Loh and Mian (2006) who provide evidence that the recommendations of 

analysts with greater short-term accuracy are more profitable.  Following Loh and Mian 

(2006) we first sort analysts into groups based on their accuracy.  Second, within each 

accuracy grouping, we calculate an average recommendation for each stock followed by the 

individual analysts.  We then use the average recommendation ratings, within each accuracy 

grouping, to allocate stocks to favourable (long) and unfavourable (short) portfolios. 

Due to the skewed distribution of analysts recommendations, stocks are included in 

the favorable (long) portfolio when their average recommendation is less than or equal to 

                                                
8
 Research on analyst outputs (see Defond and Hung 2003) is vulnerable to the issue of researchers not being 

able to observe these outputs if analysts choose not to report them to I/B/E/S. To ensure the results of this study 

are not biased by the forecasts reported to I/B/E/S, we conduct two checks. First we manually examine the 

content of analysts’ research reports found on the Investext database for LTG-related information (see for a 

similar approach Bradshaw 2002, Demirakos et al 2004). We find that analysts that do not provide LTG data to 

I/B/E/S also have no LTG data in their research reports. Second, we reverse engineer LTG forecasts from price-

to-earnings-to-LTG (PEG) ratios for non-LTG forecasters. Non-LTG forecasting analysts have an implied LTG 

rate that is 6.11% higher than LTG forecasting analysts. The difference between the means of the two analyst 

groups is statistically significant. 
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two (i.e., a buy recommendation or better) stocks are included in the unfavorable (short) 

portfolio if the average recommendation is greater than or equal to 2.5 (i.e., between a hold 

and underperform or worse) we delete all stocks with an average rating that are greater than 

2 but less than 2.5.  We calculate the average recommendations and portfolios annually 

based on information available as of the close of the trading day t-1. We then calculate 

monthly value-weighted returns for each portfolio. 

For each portfolio, we report market-adjusted returns (using the return on the 

NYSE/AMEX/Nasdaq value-weighted index) and alphas from standard asset pricing models 

to measure risk-adjusted returns.  We implement the four-factor model that includes the 

Fama-French factors (market, size and book-to-market) and the momentum factor: 

!  

Rpt " Rf =# p + $p(Rm " Rf )+ spSMBt + hpHMLt + upUMDt +%pt , 

where, Rpt is the monthly portfolio return, Rrf is the risk-free rate, Rm is the return on 

the market, SMBt is the difference between the value-weighted portfolio returns of small and 

large stocks and HMLt is the difference between the value-weighted portfolio returns of high 

book-to-market and low book-to-market stocks, UMDt is the difference in the returns of 

stocks with positive return momentum and those with negative return momentum over 

months t–12 to t–2.  We expect the portfolios formed on the recommendations of more 

accurate analysts to have greater risk-adjusted abnormal returns as measured by the size of a 

positive and significant !p.  

 Focusing on Column 5 of Table 3, which reports the alphas of the four-factor model, 

Panel A shows that the stocks favorably recommended by analysts that issue LTG forecasts 

earn a statistically significant average abnormal return of 1.0% per month, whereas those 

favorably recommended by analysts that do not issue LTG forecasts earn a statistically 

insignificant return of 0.4% per month. The difference between the two groups is significant 

at 0.6% per month, or an annualized return of 7.2%. This finding provides evidence that 

analysts that issue LTG forecasts for a firm seem to better understand the long-term growth 

prospects of the firm, and investors can make a higher return by following the 

recommendations of these analysts. 

Some of the coefficients in the four-factor asset pricing model deserve discussion.  

All of the portfolio returns in Panel A and Panel B have a negative association with the size 

factor (SMB), suggesting that the firms in our sample are generally larger on average, 

consistent with prior research showing that analysts cover larger stocks.  Interestingly, the 

book-to-market factor (HML) is negatively associated and the momentum factor (UMD) is 
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positively associated with portfolio returns only to the favorable recommendations of 

analysts that do not issue LTG, but are not significantly associated with returns to the 

recommendations of analysts that issue LTG.  This is possibly due to the stocks being 

selected by non-LTG issuing analysts being driven by the extrapolation of past growth, such 

as prior momentum and glamour stocks (for similar evidence see Ertimur et al., 2008). 

Overall, we find evidence consistent with the recommendations of LTG issuing 

analysts being associated with future abnormal returns. Our finding also improves Loh and 

Mian’s (2006) methodology. We show that a trading strategy taking a long position in 

favorable recommendations that are backed up by LTG forecasts generates positive 

abnormal returns beyond conditioning just on short-term forecasts.  

We also run several robustness tests to validate our results. Research suggests that 

Regulation FD reduced some of analyst’s behavioral biases. Specifically, Barniv et al. 2009 

show that the relation between LTG and future stock returns is slightly less negative. Thus, 

we examine the returns to our trading strategy post Regulation FD.  Our findings highlight 

that Regulation FD impacted the financial information provided by financial analysts 

through a better distinction between quality and incentives. In particular, the trading strategy 

is more profitable after Regulation FD. The stocks favorably recommended by analysts that 

issue LTG forecasts earn a statistically significant average abnormal return of 1.3% per 

month.  

Moreover, we run the trading strategy on the industry level.  

 

6. Summary  

This study investigates why some analysts choose to issue LTG forecasts and some do not. 

We propose two explanations. First, analysts issue LTG forecasts to signal their better 

quality. Second, analysts issue LTG forecasts to establish and maintain other business 

relationships with firms. Using I/B/E/S data from 1994 to 2005, we find that on average only 

57 percent of analysts issue LTG forecasts. Consistent with the first explanation we find that 

analysts that issue LTG forecasts have better forecasting ability, more experience and more 

access to private information. Prior to Regulation FD, we find that analysts were more likely 

to issue LTG forecasts if their brokerage also provides underwriting services. After 

Regulation FD, this relationship is no longer significant.  

These results suggest that LTG forecasts are a good indicator of analyst quality. In 

other words, something as simple as the issuance of a LTG forecast can be used as a signal 
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that an analyst has better forecasting skills, more general forecasting experience and more 

private information than other analysts. This is important to investors as the best equity 

analysis looks at the long-term health of companies rather than merely suggesting shorter 

term earnings expectations and trading opportunities.  

We then go on to test whether investors could actually benefit from our findings. We 

find that a trading strategy that buys stock recommendations of analysts who also issue LTG 

forecasts generates positive abnormal returns. As a matter of fact, our trading strategy 

outperforms that of Loh and Mian, and shows that a lot of their returns stem from the 

analyst’s ability to provide LTG forecasts for the recommended stock. Thus, our results 

suggest the usefulness of fundamental accounting analysis in investment decisions. A large 

body of fundamental analysis research in accounting and finance literatures envisage a 

predictive role of earnings for future stock price movements. We show that, in the unique 

setting of financial analysts, in which expectations of individual economic agents about both 

future earnings (i.e., LTG forecasts) and future stock price movements (stock 

recommendations) can simultaneously be observed, a better appreciation of future earnings 

is associated with a better assessment of future stock price movements. 

In addition, this research provides evidence to suggest that Regulation FD has been 

effective in alleviating analysts’ incentives (or conflicts of interest). In particular, the 

issuance of LTG forecasts to establish and maintain other business relationships (e.g. 

underwriting services) with firms.  
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Figure 1: The percentage of firm-analysts with LTG forecasts by year 

 

 
 

 

 

Figure 2: Proportion of firms with LTG forecasts by industry 
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Table 1        
Descriptive statistics of variables partitioned by analysts with and without long-term growth forecasts 

t-test p-

value 
Variable n Mean Median 

Standard 

Deviation 

 

Q1 Q3 
Wilcoxon 

p-value 

Analyst quality        

ABILITY         

with long-term growth forecasts 74,409 0.025 0.033 0.624 -0.11 0.18 <0.0001 

without long-term growth forecasts 122,488 0.04 0 0.466 -0.16 0.33 <0.0001 

EXP         

with long-term growth forecasts 74,409 4.28 4.00 2.71 2.00 6.00 <0.0001 

without long-term growth forecasts 122,488 4.11 3.00 2.68 2.00 6.00 <0.0001 

PRIVATE         

with long-term growth forecasts 74,409 0.27 0.25 0.22 0.15 0.97 0.0092 

without long-term growth forecasts 122,488 0.11 0.10 0.19 0.01 0.94 <0.0001 

Analyst incentives        

AFFIL         

with long-term growth forecasts 74,409 0.38 1 0.44 0 1 <0.0001 

without long-term growth forecasts 122,488 0.24 0 0.43 0 1 <0.0001 

REC        

with long-term growth forecasts 74,409 36.56 30 4.87 9 39 <0.0001 

without long-term growth forecasts 122,488 42.26 39 4.12 10 50 <0.0001 

Control variables        

NCOS        

with long-term growth forecasts 74,409 17.55 15.00 12.36 11.00 21.00 <0.0001 

without long-term growth forecasts 122,488 19.02 16.00 15.23 11.00 23.00 <0.0001 

NSICS         

with long-term growth forecasts 74,409 5.15 5.00 3.32 3.00 7.00 <0.0001 

without long-term growth forecasts 122,488 5.49 5.00 4.05 3.00 7.00 <0.0001 

BSIZE         

with long-term growth forecasts 74,409 66.31 48.00 65.00 22.00 88.00 <0.0001 

without long-term growth forecasts 122,488 47.93 29.00 56.00 10.00 63.00 <0.0001 

EVOL        

with long-term growth forecasts 74,409 0.15 0.18 0.07 0.05 0.21 <0.0001 

without long-term growth forecasts 122,488 0.98 1.01 0.13 0.17 1.22 <0.0001 

MV         

with long-term growth forecasts 74,409 7.60 7.54 1.87 6.30 8.88 <0.0001 

without long-term growth forecasts 122,488 7.42 7.40 1.90 6.11 8.70 <0.0001 

M/B         

with long-term growth forecasts 74,409 3.95 2.60 29.68 1.67 4.37 0.913 

without long-term growth forecasts 122,488 3.89 2.32 60.45 1.52 3.83 0.854 

INTAN         

with long-term growth forecasts 74,409 0.13 0.05 0.17 0.00 0.20 <0.0001 

without long-term growth forecasts 122,488 0.11 0.04 0.15 0.00 0.15 <0.0001 

The t-tests is for the null hypothesis that the mean difference between observations with and without long-term 

earnings growth forecast is zero. The Wilcoxon test is for the null hypothesis that the median difference between 

observations with and without long-term earnings growth forecasts is zero. 
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LTG is an indicator variable set to one if the analyst issues a long-term earnings growth forecast for 

firm i in year t and zero otherwise. 

Analyst Ability:  
ABILITY is a measures analyst’s ability, proxied by analyst short-term earnings forecast accuracy, 

calculated as absolute one-year-ahead earnings forecast error:
 
 

!  

AFEijt = Actualjt " Forecastijt  where AFEijt is analyst iÕs absolute forecast error for firm j 

in year t, Actualjt is the actual earnings per share for firm j in year t, and Forecast ijt is the most 

recent forecast issued by analyst i prior the 30
th

 June in year t. The measure is adjusted to for 

differences in information environments across firms following Clement (1999): MAFEijt= 
[(AFEijt- Avg(AFEit))/Avg(AFEit]* -1 where Avg(AFEit) is the average absolute error of all 

analysts covering the firm. I multiply MAFEijt by -1 to ensure that higher values of it correspond 

to higher earnings forecast accuracy. 

EXP is a measure of analyst’s general experience, calculated as the number of years for which analyst 

i supplied at least one forecast during year t. 
PRIVATE is a measure of the precision of idiosyncratic information, s, and measures the extent to which 

analysts rely on private or idiosyncratic information; calculated as follows 

 where SE is the squared error of the consensus mean forecast 

(EPSactual – EPSconsensus)
2 

, D is the dispersion among the forecasts (STDEV
2
 where STDEV is the 

standard deviation of  I/B/E/S estimates) and N is the number of analysts making forecasts. We 

use one-year-ahead earnings forecasts made on the day of the first annual earnings 

announcement on Compustat and maximum 29 days thereafter 

Analyst incentives:   
AFFIL is a measure of analyst conflict of interest, calculated as a dummy variable set to 1 if analyst i 

works for a brokerage that has Carter-Manaster underwriter reputation index greater than zero, 

and set to 0 if analyst i works for a brokerage that has no Carter-Manaster index. 

AFFIL_pre/ 

AFFIL_post 
AFIL_pre measures underwriter relationships pre Regulation FD and AFIL_post after Regulation 

FD was introduced.  

REC_ is the number of recommendations an analyst issues each year for all the firms he or she covers   
Controls 
NCOS is a measure of analyst workload, calculated as the number of firms for which analyst i supplied 

at least one forecast during year t for firm j. 
NSICS is a measure of analyst portfolio complexity, calculated as the number of 4-digit SIC industry 

groups for which analyst i supplied at least one forecast during year t. 
BSIZE is a measure of analyst resources, calculated as the number of analysts that work for the 

brokerage house analyst i works for during the year t. 

EARN_VOL is the earnings volatility of the firm measured as the coefficient of variation of the firm’s 

earnings/price (E/P ratio), which is calculated as [standard deviation of E/P / mean of E/P]. E/P 

is defined as earning per share before extraordinary items scaled by beginning stock price. The 

coefficient of variation of the firm’s E/P ratio uses information prior to the year the long-term 

EPS growth forecast is issued and is based on a minimum (maximum) of 5 (10) annual E/P 

observations. 

MV is the natural logarithm of the firm’s market value of equity prior to the year of the analyst’s 

long-term growth forecast (Compustat#25*24) 

M/B  is the market-to-book ratio for firm i in year t (Compustat#24#25/t#60) 

INTAN  is the firm’s book value of balance sheet intangibles (including goodwill), scaled by total assets, 

prior to the year of the analyst’s LTG (Compustat #33/#6). 
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Table 2 
Correlation coefficients with two-tailed p-values (total observations = 196,897) 
Variable LTG ABILITY  EXP PRIVATE AFFIL REC NCOS NSICS BSIZE EVOL MV M/B INTAN 

LTG 1.00 0.05 0.02 0.01 0.02 0.7 -0.05 -0.04 0.11 0.00 0.03 0.00 0.06 
  <.0001 <.0001 0.01 <.0001 <.0001 <.0001 <.0001 <.0001 0.85 <.0001 0.56 <.0001 

ABILITY  0.05 1.00 0.00 0.00 0.01 -0.007 -0.01 -0.02 0.03 0.00 0.01 0.00 0.00 
 <.0001  0.18 0.61 0.02 0.04 <.0001 <.0001 <.0001 0.92 0.00 0.73 1.00 

GEXP 0.02 0.00 1.00 -0.01 0.06 0.004 0.04 0.03 0.19 0.00 0.10 0.00 0.10 
 <.0001 0.09  <.0001 <.0001 0.19 <.0001 <.0001 <.0001 0.28 <.0001 0.34 <.0001 

PRIVATE 0.02 0.04 -0.06 1.00 0.06 0.02 0.00 -0.01 -0.02 0.05 0.14 0.20 0.05 
 <.0001 <.0001 <.0001  0.004 <.0001 0.61 0.00 <.0001 <.0001 <.0001 <.0001 <.0001 

AFFIL 0.02 0.03 0.05 0.07 1.00 0.06 -0.04 -0.01 0.07 -0.01 -0.04 -0.01 0.01 
 <.0001 0.00 <.0001 <.0001  0.05 <.0001 <.0001 <.0001 <.001 <.0001 <.0001 <.0001 

REC 0.06 -0.01 -0.001 0.006 -0.00 1.00 -0.02 0.09 -0.03 0.005 0.03 -0.003 0.05 
 <.0001 0.001 0.66 0.03 0.05  <.0001 <.0001 <.0001 0.15 <.0001 0.4 <.0001 

NCOS -0.05 0.00 0.16 0.00 -0.04 -0.03 1.00 0.44 -0.06 0.02 -0.02 0.00 -0.11 
 <.0001 0.55 <.0001 0.94 <.0001 <.0001  <.0001 <.0001 <.0001 <.0001 0.08 <.0001 

NSICS -0.02 -0.01 0.08 0.01 -0.01 0.15 0.39 1.00 -0.10 0.00 -0.12 0.00 0.04 
 <.0001 <.0001 <.0001 0.00 <.0001 <.0001 <.0001  <.0001 0.57 <.0001 1.00 <.0001 

BSIZE 0.16 0.04 0.20 -0.01 0.08 -0.01 0.03 -0.12 1.00 0.00 0.13 0.00 0.07 
 <.0001 <.0001 <.0001 0.00 <.0001 <.0001 <.0001 <.0001  0.27 <.0001 0.49 <.0001 

EVOL 0.03 -0.01 -0.08 0.00 -0.02 0.04 0.05 -0.02 0.00 1.00 0.00 0.00 0.01 
 <.0001 0.02 <.0001 0.95 <.001 <.0001 <.0001 <.0001 0.37  0.46 0.89 0.04 

MV 0.03 0.04 0.10 0.00 -0.04 0.03 -0.02 -0.14 0.16 0.11 1.00 0.02 0.04 
 <.0001 <.0001 <.0001 0.06 <.0001 <.0001 <.0001 <.0001 <.0001 <.0001  <.0001 <.0001 

M/B 0.07 0.01 -0.02 0.00 -..001 0.08 -0.06 0.02 0.02 0.06 0.37 1.00 0.00 
 <.0001 <.0001 <.0001 0.73 <.001 <.0001 <.0001 <.0001 <.0001 <.0001 <.0001  0.41 

INTAN 0.06 0.01 0.13 0.00 0.01 0.04 -0.14 0.10 0.09 -0.10 0.11 0.02 1.00 
 <.0001 0.06 <.0001 0.27 <.0001 <.0001 <.0001 <.0001 <.0001 <.0001 <.0001 <.0001  
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Table 3          

Logit analysis of the likelihood of analyst long-term growth forecasts  

    
Regression 

(1) 
Regression 

(2) 
Regression 

(3) 
Regression 

(4) 
Regression 

(5) 
Regression  

(6) 
Variable pred. 

  sign 
All 

Industries  
All 

Industries  Defence  
Precious 
Metals Technology 

Industry 
dummies 

Intercept  -0.953*** -0.453*** 0.344***  -0.719***  -0.240***  -0.063* 
  <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 0.007 

ABILITY  + 0.095*** 0.046*** 0.034 0.036*** 0.028 0.417*** 
  <0.0001 <0.0001 0.12 <0.0001 0.47 <0.0001 

EXP + 0.04***  0.101***  -0.03* 0.007***  -0.07***  0.07***  
  <0.0001 <0.0001 -0.10 <0.0001 <0.0001 <0.0001 

PRIVATE + 4.78E-6**  4.07E-6**  -0.017** -0.013 3.04E-5**  0.02***  
  0.05 0.05 -0.05 0.12 0.05 <0.0001 

AFFIL + 0.274      
  <0.0001      

REC + 0.07***  0.071***  0.04**  0.09***  0.13***  0.063***  
  <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 <0.0001 

AFFILpre +  0.225*** 0.187***  0.30 0.107***  0.201***  
   <0.0001 <0.0001 0.58 <0.0001 <0.0001 
AFFILpost 0  -0.025 -0.035 -0.07 0.145 -0.020 
   0.124 0.113 -0.12 0.227 0.130 

NCOS - -0.05***  -0.003*** -0.014 0.027 -0.003* -0.004*** 
  <0.0001 <0.0001 0.22 0.17 -0.07 <0.0001 

NSICS - -0.023*** -0.015*** -0.091 -0.047***  -0.017*** -0.017*** 
  <0.0001 <0.0001 0.24 0.003 <0.0001 <0.0001 

BSIZE + 0.004*** 0.003*** 0.015***  0.001 0.004***  0.003*** 
  <0.0001 <0.0001 <0.0001 0.34 <0.0001 <0.0001 

EVOL - -0.97***  -0.98***  -0.0054 -0.0025 -1.04** -0.93***  
  0.01 0.01 0.13 0.17 <0.0001 <0.0001 

MV + 0.022*** 0.037*** 0.055***  0.067 0.197***  0.039*** 
  <0.0001 0.0001 <0.0001 0.15 <0.0001 0.0001 
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M/B + 0.001 0.0008 0.014 0.049 0.01***  0.009 
  0.34 0.39 0.47 0.014 <0.0001 0.33 

INTAN + 0.55***  0.52***  0.10 -0.14 1.02***  0.49***  
  <0.0001 <0.0001 0.17 0.63 <0.0001 <0.0001 

Time  included included included included included included 
Industry  included included     

Guns       2.436*** 
Gold       -1.243*** 
Tech       -0.814*** 

Pseudo-R2  0.14 0.13 0.12 0.12 0.10 0.15 
n   196,897 196,897 1,121 1,177 20,686 196,897 

 
Long-term earnings growth indicator (LTG) is an indicator variable set to one if the analyst issues a LTG for firm i in year t and zero otherwise. *** significantly 
different from zero at the 1% level, ** significantly different from zero at the 5% level, and * significantly different from zero at the 10% level. Guns is a dummy 
variable for firms in the defence industry, Gold is a dummy variable for firms in the Precious Metals industry, and Tech is a dummy variable for firms in the 
Technology industry. 
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Table 4 
Comparison of returns to recommendations by analyst LTG issuance 

 
 N MAR CAPM !   !  b(Rm-Rf) b(SMB) b(HML) b(UMD) Adj R2 

 
Panel A: Comparison of returns to favorable recommendations by analyst LTG issuance (Long portfolio) 
Analysts issue LTG 326 0.012*** 0.011*** 0.010***  1.01***  -0.11***  -0.06 0.08 86% 
  (5.42) (5.37) (5.12) (3.78) (-3.52) (-1.20) (1.64)  
Analysts do not issue LTG 327 0.005 0.004 0.004 0.99***  -0.08***  -0.22***  0.09***  53% 
  (1.83) (1.81) (1.80) (4.42) (-3.27) (-5.73) (3.56)  
Difference 650 0.08***  0.07***  0.006***  0.022 -0.03 0.16***  -0.01**  71% 
  (3.42) (3.37) (3.32) (0.64) (0.25) (4.53) (1.92)  
 
Panel B: Comparison of returns to unfavorable recommendations by analyst LTG issuance (Short portfolio) 
Analysts issue LTG 326 -0.008*** -0.006*** -0.005*** 0.94***  -0.33***  -0.16 0.02 90% 
  (5.75) (5.61) (5.45) (5.28) (-4.51) (-1.46) (0.35)  
Analysts do not issue LTG 327 -0.005 -0.005 -0.004 0.93***  -0.19***  -0.39***  -0.12 63% 
  (1.81) (1.79) (1.74) (7.05) (-2.94) (-4.22) (-1.60)  
Difference 649 0.003***  0.003***  0.001*** 0.01 -0.14 0.23***  0.14 75% 
  (3.94) (3.76) (3.66) (1.77) (-1.57) (2.76) (1.25)  
In this table we report summary statistics for market adjusted returns and asset pricing regressions for favorable and unfavorable stock recommendations 
comparing analysts that issue/ do not issue LTG forecasts for a firm they cover.  Analyst recommendations are categorized as favorable if < = 2, unfavorable if > 
2.5, and neutral if > 2 and < = 2.5.  Stocks with neutral recommendations are excluded from this analysis, we form favorable and unfavorable portfolios and 
measure the average market adjusted returns and alphas from asset pricing models. The return accumulation sample period is from April 1, 1994 to March 31, 
2006. Market adjusted returns (MAR) are obtained by subtracting the returns on the CRSP NYSE/AMEX/NASDAQ value-weighted index from raw monthly 
returns. The estimates reported here are those from a time-series regression of each portfolioÕs excess monthly returns (RpÐRf) on the four factors: market risk 
premium (RmÐRf); a zero-investment size portfolio (SMB); a zero-investment book-to-market portfolio (HML); and a zero-investment price momentum portfolio 
(UMD).  The regressions are run annually, the adjusted R2 is the average of the yearly regressions, N is the time-series average number of firms in the portfolio 
we report t-statistics in parentheses below the estimates using the Fama-Macbeth measure.  Levels of significance represent that the estimates are different from 
zero (different from one for RMRF). 
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Table 5 
Comparison of returns to recommendations by analyst LTG issuance - sensitivity 

 

 N MAR CAPM a  a b(Rm-Rf) b(SMB) b(HML) b(UMD) Adj R2 

 
Panel A: Comparison of returns to favorable recommendations by analyst LTG issuance (Long portfolio) post Regulation FD 

Analysts issue LTG 245 0.016*** 0.014*** 0.013*** 1.05*** -0.12*** -0.21 -0.04 88% 

  (9.42) (9.11) (10.5) (4.44) (-3.11) (-4.26) (1.34)  

Analysts do not issue LTG 245 0.010* 0.008 0.007 1.04*** -0.07* -0.18*** -0.07*** 63% 

  (1.93) (1.91) (1.90)* (4.26) (-1.92) (-3.80) (-2.69)  

Difference 490 0.07*** 0.07*** 0.005*** 0.0 -0.05 -0.03*** -0.03** 78% 

  (6.22) (3.37) (3.32) (0.44) (1.85) (4.23) (1.92)  

 
Panel B: Comparison of returns to favorable recommendations by analyst LTG issuance (Long portfolio) for the Defence Industry 

Analysts issue LTG 110 0.001 0.0008 0.0008 1.10*** 0.91 1.01 -0.41 87% 

  (1.75) (0.61) (0.05) (2.37) (1.43) (1.65) (-1.07)  
Analysts do not issue LTG 90 0.001 0.001 0.001 1.20*** 0.64*** 0.94*** 0.02 85% 

  (1.31) (1.29) (1.10) (3.93) (2.20) (2.42) (0.10)  
Difference 200 0.001 0.003 0.0003 0.01 0.27 0.23 0.34 75% 

  (1.44) (0.76) (1.02) (0.77) (1.57) (0.76) (1.15)  

 
Panel C: Comparison of returns to favorable recommendations by analyst LTG issuance (Long portfolio) for the Precious Metals Industry 

Analysts issue LTG 171 0.024*** 0.023*** 0.022*** 0.85*** -0.67*** 0.31*** 0.26 90% 

  (3.05) (2.61) (1.96) (3.25) (-2.08) (2.68) (1.20)  

Analysts do not issue LTG 141 0.015 0.015 0.015 0.90*** -0.22** 0.31*** 0.32 90% 

  (1.81) (1.87) (1.57) (3.05) (-1.94) (2.22) (1.54)  

Difference 310 0.009*** 0.008*** 0.007** 0.021 -0.04 0.01*** 0.04 90% 

  (2.94) (2.16) (1.92) (1.77) (-1.87) (0.76) (1.25)  

 
Panel D: Comparison of returns to favorable recommendations by analyst LTG issuance (Long portfolio) for the Technology Industry 

Analysts issue LTG 194 0.015*** 0.008* 0.008* 1.54*** -0.26 -1.77*** -0.43*** 75% 

  (2.05) (1.91) (1.90) (3.25) (-0.95) (-5.05) (-2.32)  

Analysts do not issue LTG 196 0.014*** 0.09 0.09 1.46*** -0.22 -1.83*** -0.19*** 74% 

  (2.01) (1.87) (1.57) (3.05) (-0.88) (5.85) (-2.54)  

Difference 302 0.001 0.001* 0.001* 0.08 -0.04 0.01*** 0.04 74% 

  (0.94) (1.92) (1.92) (0.77) (-1.87) (0.76) (1.25)  


